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Runet & Politik



The Palgrave Handbook
of Digital Russia Studies

Edited by Daria Gritsenko
Mariélle Wijermars - Mikhail Kopotev
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Kurze Geschichte des politischen Runet

Bis 2010 groRe Freiheit

Anti-Putin-Proteste 2011

Euromajdan 2013

sTrollfabriken< (AreHTCTBO MHTEpPHET-UCcnenoBaHnin) 2013
Blog-Gesetze 2014

Gesetz Uber das souverane Internet 2019



MOST-USED SOCIAL MEDIA PLATFORMS W—

PERCENTAGE OF INTERNET USERS AGED 16 TO 64 THAT HAS USED EACH PLATFORM IN THE PAST MONTH
THE RUSSIAN FEDERATION
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https://datareportal.com/reports/digital-2021-russian-federation
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https://www.youtube.com/watch?v=ipAnwilMncI



https://static.euronews.com/articles/stories/04/91/50/08/1440x810_cmsv2_6157bbca-405f-5c55-a3ab-bfe0dc9b65aa-4915008.jpg
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The difference between elements contained in the raw image and
the extracted structured information used to digitally represent
the image within a database is known as a semantic gap. This
gap is a known challenge within the field of information retrieval
because, unlike linguistic data, the >meaning of an image is rarely
self-evident«. (Tilton/Arnold 2019, 3)
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https://i.pinimg.com/originals/b4/a2/bc/b4a2bcd0fb6b2647f485ff7c2c31e331.jpg

Deep Learning



https://fortunedotcom. files.wordpress.com/2015/10/screen- shot-2015-10-15-at-8-04-48-pm.png (7 5. 2021)



https://fortunedotcom.files.wordpress.com/2015/10/screen-shot-2015-10-15-at-8-04-48-pm.png
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https://static01.nyt.com/images/2019/04/11/business/00chinaprofiling-1/merlin_137008323_51c7d2a2-2429-4cba-9bcc-e379ace76016-superJumbo.jpg
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http://thispersondoesnotexist.com
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https://upload.wikimedia.org/wikipedia/commons/thumb/1/10/Blausen_0657_MultipolarNeuron.png/1920px-Blausen_0657_MultipolarNeuron.png
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https://miro.medium. con/max/2516/1+XbuNSWURTAY5pCat-9DZAQ. jpeg (7. 5. 2021) 15


https://miro.medium.com/max/2510/1*XbuW8WuRrAY5pC4t-9DZAQ.jpeg

Traditionelle kunstliche neuronale Netze: 10.000 Neuronen



Traditionelle kunstliche neuronale Netze: 10.000 Neuronen

Deep Learning: 15.000.000 Neuronen



Traditionelle kunstliche neuronale Netze: 10.000 Neuronen
Deep Learning: 15.000.000 Neuronen

Menschliches Gehirn: 100.000.000.000 Neuronen



Deep Learning: Probleme



info@cocodataset.org

Common Objects in Context Home People Tasks- Evaluate-

COCO Explorer

COCO 2017 train/val browser (123,287 images, 886,284 instances). Crowd labels not shown
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https://cocodataset.org/#explore (7. 5. 2021)
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Jacky Alciné
@jackyalcine

Google Photos, y'all fucked up. My
friend's not a gorilla.

Airplanes

Graduation

https://twitter.com/jackyalcine/status/615329515909156865 (2. 3. 2020)
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https://twitter.com/jackyalcine/status/615329515909156865

Propaganda im Kontext




i= READMEmd

99 Detectron2

Detectron? s Facebook Al Research's next generation library that provides state-of-the-art detection and
segmentation algorithms. It is the successor of Detectron and maskrcnn-benchmark. It supports a number of computer
vision research projects and production applications in Facebook.

What's New

« Includes new capabilies such as panoptic segmentation, Densepose, Cascade R-CNN, rotated bounding boxes,
PointRend, DeepLab, etc.

- Used as alibrary to support building research projects on top of it.

« Models can be exported to TorchScript format or Caffe2 format for deployment.

« Ittrains much faster.

See our blog post to see more demos and lear about detectron2.

Installation

https://github.con/facebookresearch/detectronz (9. 5. 2021)

Transferring data from user-images.githubusercontent.com...

® Cer27y
® Dockerfle 0.1%

Shell 0.4%
JavaSoript 0.1%

21


https://github.com/facebookresearch/detectron2
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YouTube-Suchresultate fur »stepan+bandera< und >ctenaH+6aHaepac
2013, 2017, 2020

737 Videos

7 Tage, 14 Stunden

1.017.832 Symbole
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Ukrainian nationalist

German fascist

Polish nationalist

Russian/ Soviet

symbols symbols symbols nationalist symbols
Ukrainian coat SS-Rune Polish coat * Hammer & '
of arms (208) (106) of arms (38) <2 | Sickle (111) Q
Logo of w Swastika Falanga (91) Ribbon of
Swoboda (129) (187) 5t. George

(147)
Ukrainian Wolfsangel
flag (198) | (96)

Flag of UPA & e
(212) .

OUN Symbol

(57)




Fle Edt View Help

74 Mythical Bandera's followers, OUN-UPA, Waffen-SS Galizien [Banderovites exposed)]

Open

Create
Palygon

&

Polygon Labels

A

55_rune

ukraine
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10.000 Iterationen

1.609 Trainingsbilder mit insgesamt 3.001 Annotationen
Dauer: ca. 4h auf LEO4 (HPC-Cluster der Uni Innsbruck)
415 Testbilder mit 799 Annotationen

Symbolerkennung in 700 Videos: ca. 7 Tage
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Resultate Symbolerkennung

MAPoy=0.5 = 0.69

Wenn vorgeschlagene Region und annotierte Region mindestens zu 50%
uberlappen, wird diese Region in 69% der Falle richtig klassifiziert

lolU = Intersection’ W = [07 »I]

Union

mean Average Precision
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Resultate Symbolerkennung

Kategorie Prazision | Kategorie Prazision | Kategorie Prazision
adler 78 | hakenkreuz 54 | swoboda 31
bandera 1 69 | hammer&sichel 28 | ua hangend 49
bandera 2 79 | kreuz 48 | ua wehend 50
bandera 3 66 | kreuz orthodox 65 | ukraine 42
eu 69 | nato 77 | upa hangend 42
falanga 74 | oun 64 | upa wehend 36
georg gefaltet 62 | ru hangend 65 | wolfsangel 72
georg hangend 48 | ru wehend 49

georg wehend 30 | ssrune 47
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Kategorie
churchill
hitler
janukovych
jushchenko
lenin

Prazision
87
71
86
85
82

Kategorie
lukashenka
merkel
navalny
poroshenko
putin

Prazision
72
77
80
83
86

Kategorie  Prazision
roosevelt 79
stalin 78
zelensky 78

Resultate Gesichtserkennung
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Nachste Schritte

Belarus-Symbole trainieren

Sldslawische Symbole annotieren und trainieren
Weiterer Ausbau der Gesichtserkennung
Zusatzliche Youtube-Metadaten auswerten

Exploration, Exploration, Exploration
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