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TESTING THE VALUE OF CUSTOMIZATION: WHEN DO CUSTOMERS REALLY PREFER PRODUCTS

TAILORED TO THEIR PREFERENCES?

ABSTRACT

Recently, researchers have paid increasing attention to the marketing strategy of customization.
One key assumption is that customized products create higher benefits for customers than
standard products because they deliver a closer preference fit. The prerequisite for this effect is
the ability to obtain precise information on what customers actually want. But are customers
able to specify their preferences that precisely? A number of theoretical arguments raise doubts
as to this point, thus implicitly challenging the value of customization.

The authors conducted two studies in which they found that products customized on
the basis of expressed customer preferences bring about significantly higher benefits for
customers in terms of willingness to pay, purchase intention, and attitude toward the product than
standard products. The benefit is higher if customers have (1) better insight into their own
preferences, (2) a better ability to express their preferences, and (3) higher product involvement.

This suggests that customization has the potential to be a powerful marketing strategy
if these conditions are met. In the opposite case, firms willing to serve heterogeneous customer
preferences need to adapt their customization systems in such a way that they explicitly address

the customers’ inability to provide valid preference information.



In this article, we measure the benefits customers derive from customized products and the
factors which impact the magnitude of the benefits achieved. In recent years, researchers and
practitioners have paid increasing attention to the marketing strategy of customization (e.g.,
Dellaert and Stremersch 2005; Gilmore and Pine 2000; Kotha 1995; Syam, Ruan, and Hess
2005; Varki and Rust 1998). These efforts have been driven by both the supply side and the
demand side. First, there is a constantly increasing supply of technology which facilitates
individualization. The production costs for individualized offerings are declining (Duray et al.
2000; Kahn 1998; Peppers and Rogers 1997), and the internet has led to a decline in the costs of
communication with customers (Ansari and Mela 2003; Sheth, Sisodia, and Sharma 2000).
Research has also found ways to reduce the customer effort required (Alba et al. 1997; Diehl,
Kornish, and Lynch 2003; Randall, Terwiesch, and Ulrich 2005; Randall, Terwiesch, and Ulrich
2007). At the same time, the customers' demand for individualized products has increased, as
customer preferences have become increasingly heterogeneous in many markets (Gilmore and
Pine 1997 Smith 1956). Scholars and practitioners alike have developed high expectations
regarding the promise of customization (Ansari and Mela 2003; Sheth and Sisodia 1999). As
Simonson (2005) puts it, "It has been assumed in recent years that the age-old practice of
targeting market segments is dominated and will be displaced by individual marketing" (p. 42).

However, some scholars have questioned the merits of customization, as it requires
extensive customer participation (e.g., Fang, 2008; Huffman and Kahn 1998; Zipkin 2001;
Simonson 2005). Spectacular failures in customization such as Levi Strauss' "Original Spin”
jeans and Mattel's "MyDesign Barbie" (see Franke and Piller 2004) appear to support these
doubts. Moreover, it has been found that customers sometimes prefer the default configurations
provided by the producer and fail to recognize the opportunities offered (Dellaert and Stremersch
2003; Hill 2003).

Delivering positive value to the customer is a prerequisite for the long-term success of

any customization strategy. Therefore, a number of scholars have begun to analyze the benefits



customization strategies create for customers. However, empirical findings yield mixed results.
Franke and Piller (2004), Schreier (2006), and Franke and Schreier (2008a and b) compared
students’ willingness to pay for both standard and customized products in different low-price
consumer goods categories, and found a higher willingness to pay (WTP) for the customized
products. Schoder et al. (2006) measured consumer acceptance of traditional and customized
newspapers using conjoint analysis and concluded that people prefer customized newspapers but
are not willing to pay more for them than for traditional ones, thus questioning the benefits of
customization. The stimuli provided in that study were relatively abstract (operationalized as
verbal stimuli: "regular newspaper" vs. "personalized newspaper™). Bardakci and Whitelock
(2004) investigated consumer agreement or disagreement with statements relating to the benefits
and disadvantages of customized cars. The results show that although people seem to be
interested in customized products, only 58% of the participants claimed to be willing to pay a
slight premium for an individualized car. Once again, "customization" was only given as an
abstract representation, meaning that the subjects did not actually experience customized
products, which casts doubt on the validity of the findings.

This calls for further systematic analysis of the benefits created by customization
compared to other strategies and of the conditions under which those benefits take effect. Where
possible, it would appear useful to employ controlled experiments and actual products as
experimental stimuli in order to overcome the limitations of abstract stimuli. In order to permit
general conclusions, a broad and representative sample is required, as special-interest or
convenience samples might differ from the mass consumer market in important aspects.

In this research project, we attempt to take this next step by empirically analyzing the
benefits of customization (as compared to segmentation and mass marketing) and the variables
that moderate these benefits. For this purpose, we conducted two studies:

Study 1 is an experiment with a representative sample of 1,589 subjects in which we

simulated the three different strategies of customization, segmentation, and mass marketing, and



then measured the customers' resulting subjective benefit attributions. We selected the product
category of newspapers because the strategy of customization is currently being discussed in this
area (Schoder et al. 2006). We find that newspapers individualized on the basis of stated
customer preferences generate significantly higher benefits for customers in terms of willingness
to pay, purchase intention, and attitude toward the product. We also find that the magnitude of
such benefits increases in line with the individual's insight into her own preferences and her
ability to express them.

Study 2 aims to complement this research by enhancing the validity and generalizability
of Study 1. For this purpose, we used a different methodology comprising a survey, latent
construct measurement, and structural equation modeling. Once again, we used a representative
sample (1,039 subjects). In addition to replicating the analysis in the newspaper market, we
tested our hypotheses in four diverse product categories: fountain pens, Kitchens, skis, and
cereals. The fact that the findings in the newspaper market are similar to Study 1 validates our
findings. In the other product fields, we also find that customization results in increased benefits
for customers. Again, the magnitude of the benefits created is affected by the individual's insight
into her preferences and her ability to express them. Moreover, we find that product

involvement impacts the benefits obtained from customization in these five product categories.

RESEARCH HYPOTHESES

The Benefits of Customized Products

It is a straightforward economic argument that a closer fit between preferences and product

attributes will bring about increased benefit for the customer (see Simonson 2005). The crux of

the matter is that true customer preferences may differ from the expressed preferences on the

basis of which the product is customized. Like any measurement task, the companies'



measurement of customer preferences is likely to contain a true component as well as an error
term or random component (Morrison and Silva-Risso 1995). In order to ensure valid
measurement, a customer has to be aware of her preferences and she has to be able to express
them (Simonson 2005). However, consumer preferences are often very poorly defined.
Research on consumer decision-making (see Bettman, Luce, and Payne 1998; Fischhoff 1991,
Slovic 1995; Yoon and Simonson 2008) suggests that preferences are often constructed on the
basis of how the options are framed when the consumer needs to make a decision. Given the
nearly infinite solution spaces of even simple mass customization configurators, Huffman and
Kahn (1998) warn that the preferences consumers construct when faced with the challenge of
defining a product are almost certainly a local optimum, if not an almost random choice; those
authors use the term "mass confusion” for such futile mass customization endeavors. Thus it is
not easy to transfer "sticky" customer preference information from a customer to a producing
company (Morrison, Roberts, and von Hippel 2000; von Hippel 1994). On the whole, the
relevant literature suggests that the measurement of an individual customer's preferences might
contain a large error term.

In such a case, it is questionable whether customized products are more beneficial to
customers than standard products (Kramer 2007). One could even argue that in extreme cases an
adept segmentation strategy might yield higher benefits for customers than customization.
Segmentation involves grouping customers with similar preferences and then targeting them in
same manner. If these segments capture the true (common) component of the preferences within
the segment and eliminate random error through aggregation, the true component of the
preferences is revealed. In extreme cases, such a "wisdom of the crowd" effect (Surowiecki
2004) could yield a segment-specific product that generates even higher benefits for customers
within the segment than products customized on the basis of erroneous individual preference

statements. Kramer, Spolter-Weisfeld, and Thakkar (2007) provide evidence that there are



indeed consumers who prefer products based on the aggregated preferences of other consumers
over products based on their own preferences.

In summary, there are arguments against the core assumption of mass customization and
individualization literature, namely that products customized on the basis of the preferences
expressed yield benefits for customers. We therefore formulate the following testable

hypotheses:

H1: Products customized on the basis of measured preferences generate greater benefits for
customers than
H1a: segment-specific and
Hip: mass-marketing products;
and, in a more general form,
Hy: The closer the fit between measured preferences and product attributes, the higher the

resulting benefit for the customer.

When Customized Products Create Benefits

We cannot assume that there is a universal pattern in customer benefits from customization.
Instead, the effect will depend on specific conditional variables. Simonson (2005) therefore
postulated that the "investigation [of responses to customized offers] must consider the
moderating variables [...] instead of just searching for main effects” (p. 42). This is also
supported by von Hippel (2001). In an often-cited article on the design interface of
customization systems, he states that "the design freedom provided by user toolkits for
innovation may not be of interest to all or even to many users of a given type of product or

service" (p. 255).



The extant literature suggests preference insight as an important moderating variable. As
argued above, the measurement of preferences (which is the basis for customization) can only be
effective if consumers actually have well-defined preferences and are sufficiently aware of them
(Simonson 2005, Kramer 2007). Kramer (2007) argues that "the value of personalization may be
limited when customers do not have stable preferences from which to derive customized offers”
(p. 231). If consumers do not really know what they want, they will be more inclined to
construct preferences based on situational cues when asked to specify product requirements —
which will bring about a high error term in their preference measurement. A product constructed
on the basis of this measurement will be of less value to the customer than in cases where a
customer has clear insight into her preferences. Furthermore, a customer with low preference
insight might also be less able to evaluate whether an offering truly fits her preferences (Kramer
2007). Prior research suggests that preference insight varies greatly among individuals
(Bettman, Luce, and Payne 1998, Chernev, Mick, and Johnson 2003), and therefore we argue

that this variable will moderate the benefits obtained from customization.

Hs: A customer's preference insight has a positive effect on the benefit she derives from

customization.

A valid measurement of preferences not only requires that preference information
actually exists on the customer side; her ability to reveal this information to the manufacturer
will also matter. Polanyi's (1983) famous dictum "we know more than we can tell” (p. 136)
points to the problem that this is not always an easy task. A broad body of literature has
confirmed empirically that preference information on the customer side is often "sticky" and
individuals may have different abilities to express their preferences to an external institution
(e.g., Aggarwal and Vaidyanathan 2003; Huber, Ariely, and Fischer 2002; Morrison, Roberts,
and von Hippel 2000; von Hippel 1994; von Hippel and Katz 2002; West, Brown, and Hoch



1996). An individual who has difficulties expressing her preferences will again create a
potentially high measurement error. Preference insight and the ability to express one's
preferences might be positively correlated, as both refer to the clarity of the preference system.
However, these dimensions might differ in many cases, for example when the individuals' verbal
skills or skills in handling communication technology are particularly high or low (Aggarwal and

Vaidyanathan 2003). Therefore, we postulate the following hypothesis:

H,4: A customer's ability to express her preferences has a positive effect on the benefit she

derives from customization.

Even if two individuals have an identical level of insight into their preferences and an
identical ability to express them to the manufacturer, we argue that the benefit they derive from
customization might still be very different. Individuals with high product involvement might put
far more effort (in terms of time, ambition, and cognitive effort) into the product definition task
than those with low involvement. Hence, the preferences they express might contain a smaller
error term, which in turn results in higher benefits from customization. Individuals with high
product involvement might also respond more negatively (i.e., with higher disutility) if the
product does not fit their preferences. Product involvement generally refers to the relevance of a
specific product (category) as perceived by a customer on the basis of her individual needs,
preferences and interests (Zaichkowsky 1985). Consumers with high product involvement are
generally portrayed as less willing to satisfice than consumers with low product involvement
(e.g., Baker and Lutz 2000). As von Hippel (2005) puts it: "A serious mountain biker may be
willing to simply buy any couch [...] even if he or she is not fully happy with it. On the other
hand, that same biker may be totally unwilling to compromise about getting mountain bike
equipment that is precisely right for his or her specific needs" (p. 32). Accordingly, research has

found that consumers with high involvement in a product category carry out more comparisons



between different offers in order to ensure the best preference fit (Gordon, McKeage, and Fox
1998). Kaplan, Schoder and Haenlein (2007) showed that the higher the consumption frequency
of a certain product category is (which should correlate with the involvement level), the higher
the intention to adopt a customized product will be. Gordon, McKeage and Fox (1998) also
demonstrate that the relative effectiveness of customization is positively associated with product
involvement.

We thus formulate a testable hypothesis to describe this commonly held belief:

Hs: Product involvement has a positive effect on the benefit a customer derives from

customization.

STUDY 1: SIMULATION OF CUSTOMIZED VS. STANDARD PRODUCTS IN THE NEWSPAPER MARKET

In Study 1, we tested our five hypotheses in the newspaper market. We chose this product
category because it allowed us to employ concrete and relatively realistic experimental stimuli,
namely newspapers that were actually tailored to the subjects' preferences (with varying
proximity). In addition, newspapers constitute a market in which customization is currently
being discussed (Schoder et al. 2006) due to highly heterogeneous customer preferences.

The rationale underlying this study is simple: we simulate the three strategies of
customization, segmentation and mass marketing, and measure the resulting benefits for
customers. As a first step, we captured the subjects' preferences with regard to a collection of 90
newspaper headlines. In the second step, we confronted subjects with the experimental stimuli,
namely simulated "newspapers" which were each composed of a small selection of ten headlines
(taken from the 90 headlines) in random order. We then measured the benefits these newspapers

generated for the subjects (Figure 1).



<<< Insert Figure 1 about here >>>

Experimental Groups

Our sample is structured in ten different sub-groups in order to enhance the robustness of our
findings. We first distinguish two independent samples (1 and 2). The difference between them
is that the time between the first step (measurement of preferences) and the second step
(measurement of reactions to stimuli) was ten days in Sample 1, while the second step
immediately followed the first (using the same questionnaire) in Sample 2.

This allows us to analyze whether our findings are affected by the subjects' efforts to
appear consistent in their response behavior (a form of on-stage effect, see Podsakoff et al.
2003). Typically, subjects tend to remember their preference statements for a limited time. Ina
pilot study with 25 participants, we had previously conducted a surprise recall test in which we
asked subjects to rate the 90 headlines according to their preferences, and ten days later we
confronted them with their responses, with changes in a random selection of 20 headline ratings.
On average, subjects were able to identify and correct only 24% of the modified ratings.
Moreover, participants erroneously identified changes in 20% of the ratings which had not been
modified. As expected, this suggests that ten days can indeed provoke a substantial forgetting
effect. If we find similar support for our hypotheses in Samples 1 and 2, we can surmise that the
effects were not only due to an on-stage effect.

Both samples were subdivided into five subsamples, each of which received different
experimental stimuli. The subjects in the two main samples were each randomly assigned to one
of the following subsamples:

e Subjects in Samples 1la and 2a each received an identical "mass marketing newspaper"
constructed on the basis of Sample 1's preferences (for a list of the stimuli, see the next

section)



e Subjects in Samples 1b and 2b each received the one "segment-specific newspaper™
which came closest to their individual preferences and was taken from a five-segment
solution.

e Subjects in Samples 1c and 2c each received the one "segment-specific newspaper"
which came closest to their individual preferences and was taken from a ten-segment
solution.

e Subjects in Samples 1d and 2d each received a "customized newspaper" which matched
their individual preferences precisely.

e Subjects in Samples 1e and 2e received all four of the above-mentioned stimuli in
randomized order.

In all cases, the stimulus newspapers were introduced uniformly with the sentences "Here
are newspapers consisting of 10 headlines each. If you compare this newspaper [stimulus
newspaper] with the newspaper on the right side [the anchor stimulus, i.e., the expert newspaper,
see below], how do you like it?" Samples 1a to 1d and 2a to 2d allowed between-subject
analyses, while Samples 1e and 2e permitted within-subject analyses. Between-subject and
within-subject analyses each have their specific advantages and disadvantages (Maxwell and
Delaney 2004), thus we employed both in order to challenge the robustness of our findings.

Overall, we employ a 2x2 matrix of four independent tests (within-subject vs. between-
subject design and short-time vs. long-time delta between preference measurement and

measurement of reaction to stimuli).

Experimental Stimuli

The stimuli were constructed on the basis of the preferences expressed by subjects in Sample 1.

As a first step, we asked them to rate 90 different headlines on a five-point rating scale ranging

from 1 ("1 would really like to read this article™) to 5 ("I would definitely not read this article™).



These anchors were chosen according to the recommendations made by Kramer (2007), who
states that consumers understand their own preferences better if they are provided with a
transparent elicitation task. The headlines in our study generally included two introductory lines
in order to give subjects an idea of what each article was about.

The decision to use 90 headlines resulted from another pilot study we had conducted. We
asked 45 randomly selected participants to read and rate a selection of headlines. One third
received 60 headlines, one third 90 headlines and one third 120 headlines. Afterwards, we
conducted in-depth interviews in order to determine whether the respective tasks overstrained
them and whether the elicitation task was clear and transparent. These interviews clearly
revealed that 90 headlines was the maximum number that subjects could read completely and
evaluate thoroughly. In addition, it became clear that a multi-item measurement approach would
require a much smaller number of headlines. As a result, we restricted the number of items to
one per headline, which should yield information of the same validity as multiple-item
measurement in this particular case of a clear question (Bergkvist and Rossiter 2007) and is less
time-consuming and strenuous for participants to complete (Gardner et al. 1998). The 90
headlines had been randomly selected from the 4,964 real articles released by the Austrian Press
Agency (APA) in the period between March 24 and March 31, 2006. The articles were from the
categories of foreign affairs, domestic affairs, current events, culture, economics, science,
education, media and sports. We used the preference information from Sample 1 in order to
construct the different stimuli for Samples 1 and 2 (second step) as follows:

Mass marketing newspaper. We calculated the mean preference rating for each headline in
Sample 1 and ranked the headlines on that basis. The ten best-rated headlines constitute our
"mass marketing newspaper," the one standard product that comes closest to the subjects'
preferences.

Segment-specific newspapers. Using the preference ratings as a basis, we performed market

segmentation using latent class analysis (LCA) (Green et al. 1976), which offers fundamental



advantages over traditional types of cluster analysis (Magidson and Vermunt 2002; Vermunt and
Magidson 2002; Wedel and Kamakura 2000). In order to determine the number of segments, we
used the Bayesian Information Criterion (BIC) to compare the models until model fit stopped
improving (Schwarz 1978). As 90 variables for segmentation would lead to negative degrees of
freedom from 11 classes upward, we decided to conduct LCA with a varied number of randomly
chosen variables (20, 25, 30, 35 and 40 variables). In order to account for the possibility of local
optima, we replicated the estimation 50 times, each with a different set of randomly selected
variables (similar to Kamakura and Wedel 1995). We found that the ten-segment model
outperformed the other models, therefore we used ten segments in our study (details on the
Monte Carlo simulation can be obtained from the authors upon request). In addition, we
calculated a five-segment solution because a meta-analysis of published market segmentation
studies found that this is the mean number of segments used (Franke, Reisinger, and Hoppe
2008). The ten best-rated headlines in each segment defined the respective segment-specific
newspapers, that is, the product which is best adapted to the average preferences of each
segment. Subjects in the subsamples who were confronted with a segment-specific newspaper
(Samples 1b, 1c, 1le and 2b, 2c, 2e) received only the one segment-specific newspaper which
came closest to their individual preferences. This assignment of participants was based on the
classification results of the LCA in Sample 1, while in Sample 2 we used the squared Euclidean
distance between the subjects' (individual) preferences and each segment-specific newspaper
(calculated from Sample 1).

Customized newspapers. For each individual subject, we ranked the 90 headlines based on the
subject's preferences and took the ten highest-rated headlines. In cases where equal scores
precluded an exact solution (e.g., when 12 headlines were assigned a rating of 1), we randomly
selected the headlines from those which were tied.

Expert newspaper. In order to ensure an identical point of reference for our between-subject

comparisons, we defined a standardized anchor. For this purpose, we provided all of the



subgroups with an identical newspaper which had to be rated by each subject before the stimulus
newspaper (WTP). This newspaper again consisted of ten headlines and was developed on the
basis of an expert evaluation. In a pilot study, we had asked 23 experts (journalists from
different Austrian newspapers and the Austrian Press Agency) to assess the attractiveness of the
90 different headlines to newspaper readers (which also constituted the basis for the preference
ratings of the subjects in the experiment). They gave their assessment on a five-point rating
scale ranging from 1 (A typical Austrian newspaper reader would really like to read this
article™) to 5 ("A typical Austrian newspaper reader would not be interested in this article at all™).
The ten headlines which received the best mean ratings were selected and thus constituted the

"expert newspaper."

Measurement

In the first step, we measured the individual subjects' WTP for the expert newspaper in addition
to measuring the subjects' preferences (as described above). We also obtained data on the
respondents’ product involvement and demographics (age, sex, income, household size, and
education) in this step. In the second step, we measured the individual subjects' evaluative
reaction to each particular stimulus (Samples 1a, 1b, 1c, 1d and 2a, 2b, 2c, 2d) and to all stimuli
(Samples 1e and 2e). For this purpose, we measured the subjects' willingness to pay (WTP).
The WTP or reservation price denotes the maximum amount of money a subject is willing to pay
for a given product and thus constitutes a hard proxy to measure the benefit consumers (expect
to) derive from that product (e.g., Homburg, Koschate, and Hoyer 2005; Voelckner 2006). In
order to obtain additional indicators of consumer benefit, we also measured the subjects' attitude
toward the stimulus product(s) and their purchase intentions. The expert newspaper was only

evaluated in terms of the subjects' WTP.



Willingness to pay. The literature proposes various methods of measuring WTP (Wertenbroch
and Skiera 2002). In the case of the anchoring stimulus (the expert newspaper rated first by any
subject), we employed a bracketing technique (Casey and Delquié 1995) in order to enhance the
validity of the ensuing stimulus ratings. A small pilot study (n=30) had been carried out to check
whether the procedure would be accepted by subjects, and the results were affirmative. Thus we
first asked subjects to state their WTP for the expert newspaper. Depending on their responses,
subjects were given a higher follow-up price (their stated price plus 10 cents) and asked whether
they would also pay that sum. This step was repeated with 50 cents, then with 1 euro, and
ultimately the amount was doubled until the subjects gave a negative answer. Finally, we
provided subjects with a scroll bar which enabled them to adjust their final WTP in the range
between the last positive response and the ensuing negative response. WTP for the stimulus

newspapers (the "mass marketing newspaper,” "segment-specific newspaper" and "customized
newspaper™) was measured by providing the subjects with a scroll bar ranging from EUR 0.00 to
EUR 10.00, which constitutes a form of a contingent valuation method (Voelckner 2006). The
(changeable) default value was the individual subject's WTP for the expert newspaper (the
anchor). This elaborate procedure was carried out in order to obtain measures of WTP with
maximum validity and on the basis of an identical reference point, but with a minimum of effort
on the subjects' part.

Attitude toward the product. The subjects' attitude toward the product was measured using
three five-point semantic differential scales (the anchors were "like" vs. "dislike," "good" vs.
"bad," "appealing” vs. "not appealing") adapted from the scale used by Schlosser and Shavitt
(2002). Reliability checks show a Cronbach's alpha of .94 across the two samples.

Purchase intention. We measured purchase intention using a Juster scale (Juster 1966), an 11-
point scale which measures individual purchase probability and has been shown to possess

superior validity (Uncles and Lee 2006). In order to verify comprehensiveness and applicability

for the purposes of this study, a small pilot experiment was carried out (n=25) with affirmative



results. The three benefit measures are significantly correlated (WTP — purchase intention: r =
447, p< .01; WTP — attitude toward the product: r = .384, p< .01; purchase intention — attitude
toward the product: r = .724, p< .01).

Preference insight. In this first study, we measured preference insight not by means of self-
reports but on the basis of the subjects’ actual behavior. This delivered the clear advantage of not
demanding extra effort from the subjects, as the questionnaire was relatively long. The large
body of literature on measurement errors suggests that the less certain individuals feel when
evaluating objects, the higher their tendency is to answer uniformly. Depending on the specific
situation, this desire for uniformity can result in a systematic tendency to confirm (yea-saying),
to deny (nay-saying), or to avoid extreme answers (central tendency) (see Pedhazur and
Pedhazur Schmelkin 1991). We thus measured the respondents' insight using the squared
variance of their preference statements regarding the 90 headlines. A pilot study (n=29) revealed
that this measure and preference insight modeled as a latent construct based on the three items
(used in Study 2) showed a high correlation (r = .623, p<.01), thus supporting the validity of this
measurement.

Ability to express preferences. This latent construct was also operationalized in a relatively
undemanding way in order to keep the questionnaire short. We built on the well-established
finding in social sciences that there is a correlation between a person's level of education and her
ability to express oneself (see Pascarella and Terenzini 1991). As the level of education is an
ordinal measure, we used a dichotomous scale where 1 = no college degree and 2 = college
degree or higher.

Product involvement. We confronted subjects with the statement "For me, a newspaper (is)..."
and asked them to complete it using a reduced version of the Personal Involvement Inventory
(PN scale from Zaichkowsky (1985), which consists of six five-point semantic differential
scales measuring the subjective importance of newspapers, anchored with "matters" vs. "doesn't

matter,” "important vs. "unimportant,” "useless" vs. "useful,” "boring" vs. "interesting," "not



needed" vs. "needed" and "essential” vs. "nonessential.” The reliability of this construct was

once again high (with a Cronbach's alpha of .93 across the two samples).

Questionnaire and Samples

The data was obtained from self-administered online questionnaires. Two random samples were
drawn from Austria's leading online panel (provided by MindTake New Media Consulting),
which is representative of Austrian residents with an e-mail account. For Sample 1, a total of
7,500 panel participants were contacted (with one reminder) and asked to fill out the first
questionnaire (Step 1). 1,213 subjects answered this first questionnaire completely, which
represents a response rate of 16.2%. Comparisons of early and late respondents showed no
significant differences, which indicates the absence of response bias (Armstrong and Overton
1977). Ten days after the first questionnaire (and after we had carried out the segmentation
analysis), those 1,213 subjects were contacted again and asked to fill out a second questionnaire
(Step 2) with random assignments to experimental stimuli, for which the subjects were divided
into Subsamples 1a, 1b, 1c, 1d, and le. A total of 854 respondents from Step 1 agreed to
participate, making for a response rate of 70.4% in Step 2. Once again, no response bias was
visible. Along with Step 2 in Sample 1, another questionnaire was sent to the second
(independent) sample of 4,116 subjects. The questionnaire sent to subjects in Sample 2 merged
the two questionnaires from Sample 1 into a single questionnaire. Immediately after the subjects
stated their preferences regarding the 90 newspaper headlines, the respective stimulus was
calculated. The assignment of subjects to the various subsamples (Subsamples 2a, 2b, 2c, 2d,
and 2e) was randomized by means of a database algorithm. The response rate was 17.9% (735
complete questionnaires with one reminder sent out). No response bias could be detected, and

tests show no significant differences between the subsamples in Sample 1 and Sample 2.



Findings

Difference test. As a first step, we compared the benefit generated by customized products
relative to segment-specific and mass marketing products (interesting descriptive findings such
as which headlines attracted the subjects' interest most and which ones completely failed to do so
can be obtained from the authors upon request).

Table 1 shows the mean WTP, purchase intention, and attitude toward the product for the mass
marketing newspaper, the two segment-specific newspapers, and the customized newspaper for
the between-subject/within-subject analyses in Samples 1 and 2, and for the overall sample. The
mean WTP for the "expert newspaper" is also provided. Tests for differences in means show a

very consistent and robust pattern in all four analyses.

<<< |nsert Table 1 about here >>>

We find that Hypothesis 1 gains clear support in any case. Regardless of whether it is
compared to the two segment-specific newspapers or the mass marketing newspaper, the
customized newspaper received significantly more favorable ratings with regard to WTP,
purchase intention, and attitude toward the product. As an interesting side finding, we also

discovered that the market experts were able to empathize with customers to some degree.

Dependency analysis. We used pooled data for the dependency analysis.> Unlike Subsamples
lato 1d and 2a to 2d, the data in Subsamples 1e and 2e is nested (for each subject, we had four

observations of preference fit), and therefore we randomly drew one observation for each

! patterns in sub-samples are weaker due to the lower variance in the independent variable of preference fit.

However, they are still visible.



subject. The OLS regression clearly shows that the closer the fit between the preferences
expressed and the product obtained (i.e., the higher the "extent of customization™), the higher the
benefits for customers, which supports Hypothesis 2 (Table 2).

In order to test Hypotheses 3 to 5, we used moderated regression analysis (Cohen et al.
2003). We averaged involvement items to form an index (similar to Homburg and First 2005)
and standardized the predictor and moderator variables by mean-centering (Frazier, Tix, and
Barron 2004). We then created the product terms by multiplying the centered predictor and
moderator variables (Aiken and West 1991).

In line with Hypotheses 3 and 4, we find that preference insight and the ability to express
preferences do moderate the benefits subjects derive from customization (i.e., a closer fit
between preferences expressed and product characteristics obtained), regardless of whether the
benefits are measured as WTP, purchase intention, or attitude toward the product (Table 4).
Probably because preference insight and the ability to express preferences are significantly
correlated (r = .07, p >.001), the effects diminish somewhat in the inclusive model. However,
they are still visible. Only product involvement failed to show a significant moderator effect,

which refutes Hypothesis 5.

<<< |nsert Table 2 about here >>>

Discussion of Study 1

In the first study, we found that customization newspapers deliver clear benefits for a
representative sample of customers due to improved preference fit. We also found that the
benefits from customization are affected by the individual's insight into her own preferences and
her ability to express them. We failed to confirm the impact of product involvement. The

question thus arises as to whether this is a general finding that requires an in-depth discussion of



potential reasons or whether it results from the peculiarities of the method used or the market
chosen. We offer a method-related explanation: newspapers are a media product, and they
basically consist of information. When measuring product involvement, we asked subjects about
the relevance of the physical product — printed papers one peruses in the morning. In the other
part of the experiment, we heavily emphasized the informational aspect of newspapers, as we
operationalized newspapers as a bundle of ten pieces of information (the headlines). Given the
many ways in which one can obtain information, for example on the internet (blogs, forums,
etc.), it may well be that an individual is highly interested in new information but at the same
time reports a low level of involvement in (physical) newspapers. We therefore hypothesize that
the lack of support for Hypothesis 5 in the newspaper market may be due to our
operationalization. Our second study is intended to shed more light on this particular issue.

Generally, the findings are based on four independent data sets (within-subject vs.
between-subject design and short-time vs. long-time delta between preference measurement and
the measurement of reaction to stimuli). This constitutes a relatively rigorous analysis scheme,
and the fact that we obtained almost identical patterns in the four settings provides robust support
for our hypotheses on the benefits of customization.

However, the setting of our study required some simplifications. Our stimuli (the
simulated newspapers) only consisted of ten headlines taken from a set of 90. This appeared
necessary in order to ensure that the task remained manageable for subjects. In reality, most
newspapers consist of approximately 100 to 300 articles, and the pool of possible news items is
also considerably larger (e.g., the Austrian Press Agency releases about 600 articles, the German
Press Agency about 800, and the Associated Press releases about 20 million words of news per
day). In addition, our stimuli did not include other content, such as advertisements, weather
forecasts or movie schedules, which might also be of value to consumers (Sonnac 2000). These
simplifications lend our findings a conservative nature, however, as there is little room for

customization to exhibit its specific strengths within the heavily restricted setting of our study.



Given heterogeneous preferences, subjects can only individualize when there is a sufficiently
large solution space. We conjecture that the benefits would be even more substantial if the
experiment's solution space came closer to real life.

Another aspect worth discussing is that we provided each subject in the subsamples with
the optimum segment, that is, the segment we knew came closest to her preferences (assuming
they did not change). Once again, this is unrealistic as some assignments of customers to
segments would naturally be erroneous in real life. This can be regarded as a "subsidy" to the
segmentation strategy and lends even more credibility to our finding that customized products
generate more benefit for customers than segment-specific products.

A research design such as ours involves the concrete risk of on-stage effects (Podsakoff et
al. 2003). Subjects were first asked about their level of interest in the 90 headlines, then they
were asked to evaluate simulated newspapers comprising selections of the headlines they had
previously rated. It appears possible that at least some subjects were motivated by the desire to
appear consistent and thus tried to adjust their evaluations to match their previous answers. We
reduced this problem by making it impossible to return to the headline evaluations once they had
been entered. Theoretically, subjects could have kept some of their answers in mind. Therefore,
we drew two samples with different time periods between the measurement of preferences and
the measurement of reactions to stimuli. If the desire to appear consistent played a role at all, the
effects in Sample 2 should be far clearer than in Sample 1. However, the patterns in the findings
are nearly identical in both samples, suggesting that on-stage effects are unlikely to have
impacted our findings.

A more critical aspect of this study is the operationalization of "preference insight” and
"ability to express preferences.” Although both variables can be considered latent constructs, we
have employed a relatively simple measurement. The length of the questionnaire precluded a
more detailed operationalization. This raises questions on the extent to which the findings with

regard to moderating effects hold when a different measurement is used.



Moreover, the generalizability of our findings is a weak point in this study. Newspapers
are frequently purchased, low-cost products with a large number of potential variants. They are
hedonic (rather than utilitarian) products that are consumed in private (Knox and Walker 2001).
The question arises as to whether our findings also hold for products which systematically differ
from newspapers. We therefore conducted a second study in order to complement the results of

Study 1.

STUDY 2: GENERALIZATION ACROSS OTHER MARKETS

The rationale underlying Study 2 is different from that of Study 1. We confronted each subject
with two stimuli: one was a standard product in the relevant product category, while the other
was a (simulated) customization configurator that would allow the subject to tailor the respective
product to her specific preferences. We then measured the delta of benefit each subject
associated with the two products and her resulting WTP as dependent variables. This means that
a demand artifact (Sawyer 1975) might be present in Study 2, that is, subjects might in part react
to their perception of the experiment's purpose.? Unlike in Study 1, subjects could only be
distracted from the purpose of the study to a certain degree, and the design of the study does not
allow a time delta which would provoke forgetting effects. We discuss the implications of the
potential demand artifact in the methodological limitations section.

The independent variables measured subsequently were "preference insight,” "ability to
express preferences,” and "product involvement,” each of which was measured as a latent
construct. The study was conducted independently in the product categories of fountain pens,

kitchens, skis, and breakfast cereals. These products differ in terms of price level, hedonic value,

% \We are indebted to one of the anonymous reviewers for pointing out this important issue.



and privacy of consumption. We also repeated the analysis in the newspaper category in order to
determine the extent to which the different methods used in Studies 1 and 2 result in similar
findings and in how far a different measurement of product involvement alters our findings with

regard to H5.

Experimental Stimuli

Standard product. In the case of newspapers, we defined the standard product in the same way
as in Study 1, meaning that we asked experts to determine those headlines that were most
appealing to newspaper readers from the set of 90 randomly selected headlines. In the other
product categories, we selected one standard market product from a set of five popular offerings
which we had collected with the help of market experts. The basis of the selection was a pilot
study in which we asked 31 subjects which of the five products they liked best. Generally, the
standard product was introduced with the lines "Here you see a [fountain pen] which fits the
preferences and requirements of most consumers quite well™ and described along the most

relevant dimensions (Figure 2).

<<< Insert Figure 2 about here >>>

Customized product. For all of the product categories, we simulated a mass customization
toolkit allowing to customizing the product. We designed the toolkits in a way that subjects
could choose the most preferred parameter value for those product dimensions which were used
to describe the standard product (Figure 2). The toolkit designs were based on a pilot study in
which we thoroughly analyzed 53 existing mass customization toolkits on the web and

interviewed three market experts in order to make the design as realistic as possible. Subjects



were informed that the technical quality of the standard product and customized product were

identical.

Measurement

Preference insight. The subjects' degree of awareness of their own preferences regarding the
specific product category was measured on the basis of extant literature (Kramer, 2007,
Simonson, 2005). The items read "Regarding [fountain pens], | know exactly what | want,"
"When | purchase a [fountain pen], I usually know quite soon what | prefer," and "When |
purchase a [fountain pen], | find it easy to choose among different alternatives™ (1 = high
agreement and 7 = low agreement, Cronbach's alpha = .83).

Ability to express preferences. We measured this latent construct on the basis of relevant
literature (Kramer, 2007; Simonson, 2005) and used the following items: "It would be easy for
me to describe what an ideal [fountain pen] should look like," "It would be no problem for me to
name those attributes of a [fountain pen] which are most important to me," "I could easily
explain to someone else what kind of [fountain pen] I like best," and "If | had three minutes' time
to explain to someone else what | like and what | dislike, this person could theoretically choose a
[fountain pen] for me that would meet my requirements” (1 = high agreement and 7 = low
agreement, Cronbach's alpha = .89).

Product involvement. We measured product involvement — with a new focus on involvement
in news (instead of newspapers as a physical product) — using a reduced version of
Zaichkowsky's Personal Involvement Inventory (PI1I) scale (1985). In order to save space in the
questionnaire, we selected three five-point semantic differential scales. The participants were
confronted with the short statement ("For me, always having the latest news is..." and asked to

finish them. The scales were anchored "important” vs. "unimportant,” "useless" vs. "useful," and

"essential” vs. "nonessential”. A Cronbach's alpha of .87 across all samples (product categories)



indicates a sufficient level of reliability in this construct. Additionally, we measured the subjects’
involvement in newspapers in the same way as in Study 1 ("For me, a newspaper is..."), using
the same three five-point semantic differential scales. Cronbach's alpha comes to .84, which
points to high reliability in the measurement. The questions regarding involvement in news and
newspapers were placed consecutively in order to make it more clear that the objects were
different (see, e.g., Oppenheim 2000). The two constructs are correlated (.52; p <.001), which
does not come as a surprise because newspapers are, in fact, bundles of news.

Delta benefit. The additional benefit associated with a customized product (compared to the
standard product) was measured as a latent construct. The five items were adapted from Schreier
(2006) and read "Compared to the standard [fountain pen], the customized [fountain pen] would"
(1) "better satisfy my requirements,” (2) "better meet my personal preferences,” (3) "more likely
be the best solution for me,” (4) "more likely be what I really want,” and (5) "more likely fit my
image of a perfect [fountain pen]." We measured them on a seven-point scale (1 = high
agreement and 7 = low agreement, Cronbach's alpha = .96).

In order to ascertain the validity of the four latent constructs, we employed exploratory
factor analysis as well as confirmatory factor analysis (CFA). The former led to four extracted
factors that together explained 79% of the overall variance, which points to the
unidimensionality of the constructs. The latter delivered satisfactory overall fit statistics (GFI =
.964; AGFI =.949; CFI =.982; IFI = .982; RMSEA = .048). All factor loadings were positive
and significant, indicating a sound degree of convergent validity (detailed results of the
confirmatory factor analysis can be obtained from the authors upon request).

Delta WTP. The second dependent variable was the intra-individual difference between WTP
for the customized product and WTP for the standard product. In both cases, WTP was
measured using the open-ended contingent valuation approach ("How much would you be
willing to pay for [your self-designed] [fountain pen]?") (Jones 1975). The delta was then

calculated as WTP (customized product) minus WTP (standard product).



Questionnaire and Samples

As in Study 1, the data was obtained from self-administered online questionnaires. A random
representative sample comprising a total of 6,775 subjects was drawn from Austria’s leading
online panel (provided by MindTake New Media Consulting) and contacted via e-mail, with an
initial reminder after three days and a second reminder after seven days. Each member of the
sample received a questionnaire that was adapted to one of the five product categories and had
been randomly assigned to the subject. A total of 1,039 subjects answered the questionnaire
completely, which represents a response rate of 15.3%. Again, comparisons of early and late
respondents showed no significant differences, indicating the absence of response bias

(Armstrong and Overton 1977).

Findings

Difference test. We first measured the extent to which the customized products did provide
higher benefits than standard products, as conjectured in Hypothesis 1. We reproduced the
findings of Study 1 for the newspaper market (delta WTP = 36%, p<.001) and found a stable
pattern in the product categories of kitchens (delta WTP = 37%, p<.001), fountain pens (delta
WTP = 40%, p<.001), skis (delta WTP = 34%, p<.001), and breakfast cereals (delta WTP =
50%, p<.001). Hypothesis 1 was thus clearly confirmed in any case. Regardless of the product
category, customization appears to increase the benefit a customer derives from a product,

although the degree of this increase differs between categories.

<<< Insert Table 3 about here >>>



Dependency analysis. We used structural equation modeling to test Hypotheses 2 to 5 (Figure
3) and tested the extent to which the constructs of "preference insight,” "ability to express
preferences,” and "product involvement™ impact the additional benefit subjects derive from
customization. We set the latent construct of "delta benefit™ as the first-order dependent variable
and "delta WTP" as the second-order dependent variable. We then estimated six structural

equation models (one for each product category and one overall model).

<<< Insert Figure 3 about here >>>

If we first examine the results in the newspaper category, we again find that the results of
Study 1 are confirmed. Also when measured as latent constructs, preference insight and the
ability to express preferences impact the benefits subjects derive from customization.
Additionally, product involvement has a significant impact, which — unlike Study 1 — confirms
H5. In line with our conjecture, we find that if we take product involvement as measured in
Study 1 (i.e. involvement in newspapers as a physical product), the path between product
involvement and delta benefit becomes insignificant (.037, p=.329), while the other paths
remain stable (preference insight - delta benefit =.188, p < .05; ability to express preferences
—> delta benefit = .217, p <.01; delta benefit > delta WTP =.361, p <.01). This suggests that
the findings of Study 1 are indeed replicated, and that our improved measurement of product
involvement yields additional insights.

Also in the other product categories, the results of the structural equation models provide
strong empirical support for our hypotheses. We find that the constructs of preference insight,
ability to express preferences, and product involvement significantly impact the benefits from
customization compared to standard products, thus confirming Hypotheses 3 to 5. We also find
that these higher benefits result in higher WTP. In all product categories, alternative models

performed worse. The model fit decreased significantly when paths were eliminated, suggesting



that the pattern found is indeed robust across different product categories. However, although
the identified patterns are similar in all product categories, we find substantial differences in
effect sizes. Multi-group analyses show that the product category moderates the effects that
preference insight, the ability to express preferences, and product involvement have on the
benefit a customer derives from an customized product. If the regression weights are held

constant within our model, its overall fit decreases significantly.

<<< |nsert Table 4 about here >>>

Discussion of Study 2

In Study 2, we successfully replicated the findings from Study 1 using a different method. This
suggests that the patterns found are robust and valid. We also discovered that the findings are
generalizable to other product categories which differ greatly from newspapers. Relative to
newspapers, fountain pens can be considered more hedonic, higher-priced products which are
consumed more publicly and which are not bought frequently. Skis also differ from newspapers
with regard to their price, frequency of purchase, public consumption and hedonic nature.
Kitchens are very high-priced products which are purchased very seldom and involve an
extensive decision-making process. Breakfast cereals may be regarded as different from
newspapers due to their more utilitarian character. But although we found similar patterns in the
other product categories, both ANOVA in the case of WTP increases and multi-group analyses
in the case of structural equation models show that the coefficients differ significantly. This
indicates that we cannot claim to have found a "natural constant.” In the context of our study, it
would appear premature to speculate about why e.g. the WTP increase in the case of cereals is
almost 50% while the respective value fluctuates around 35% in the other product categories,

because the differences can result from the product category and its various characteristics as



well as the way in which we operationalized the toolkit. Investigating reasons for the different

levels might, however, serve as a starting point for future research.

GENERAL DISCUSSION

Theoretical Contribution

In our two studies, we found that products customized on the basis of measured customer
preferences deliver clear benefits to the customer. This finding is highly relevant to the
literature, as it provides evidence of a critical relationship which has only been assumed up to
now and can be regarded as the foundation of management concepts such as mass customization
(e.g., Pine 1993; Wind and Mahajan 2001), one-to-one-marketing (e.g., Peppers and Rogers
1997; Peppers and Rogers 1993), customer relationship management (e.g., Lemon, White, and
Winer 2002), and personalization and smart agents (e.g., Alba et al. 1997). In our studies, we did
not use a convenience sample of students as in the case of Franke and Piller (2004), Schreier
(2006) or Franke and Schreier (2008 a and b), but a truly representative sample drawn from
Austrian residents with an e-mail account (60% of Austrian residents have internet access, and
naturally there is still a moderate bias toward younger, better-educated customers). The finding
that the high benefit of customization is not merely a characteristic of one special-interest
subgroup is a crucial aspect of our study.

The relatively large increase in derived benefit (despite identical technical quality)
suggests that there is a great deal of "money on the table," which underscores the high relevance
of scholarly research on ways to reduce the costs of customization and indicates that such efforts
are indeed highly promising. Cost reductions can come in various forms and comprise further
improvements in flexible production technologies (e.g., Chua, Leong, and Lim 2003) as well as

lower process costs for customers through design toolkits which are easier to use (Randall,



Terwiesch, and Ulrich 2007) or through more effective recommender systems (Holzwarth,
Janiszewski, and Neumann 2006). Given further progress, this suggests that individual
marketing will indeed gain more importance relative to the traditional practices of segmentation
and mass marketing, as several scholars have predicted.

However, we also show empirically that the benefits of customization are contingent
upon characteristics of the customer, namely her level of insight into her own preferences, her
ability to express those preferences, and her product involvement, as suggested by scholars such
as Simonson (2005) and Kramer (2007).

This challenges the tendency in the popular press to advocate customization as the best
possible strategy for any consumer in any situation. If customers have difficulties conveying
preference information to the company (either because they are unaware of what they want or
because they are not able to express their preferences properly) or they have a low level of
involvement, the benefits of customization will be considerably lower. This is in line with
findings on user innovation activities (see von Hippel 2005 for an overview). The consistent
finding is that a small subgroup of users (termed "lead users™) respond to the lack of products
which fit their preferences by creating such a customized product themselves. These lead users
are characterized by a clear and very high demand for a solution to a problem they face.

Our finding that customization is particularly beneficial to customers with clear
preference systems does not necessarily mean that customization strategies do not make sense in
the opposite case. However, it does indicate that customization processes should be designed
differently. In our studies, we focused on a customer-active means of preference transmission in
which customers had to actively specify what they want. At the same time, there are alternatives
which require less skill and effort from the customer than laborious self-design processes, such
as smart agents or recommender systems (which require little or no customer effort). The extent
to which these systems provide benefits in such situations remains a question for future empirical

research. In addition, it is important to bear in mind that interaction with a customization toolkit



might actually help the consumer understand and articulate her preferences better, as it involves
trial-and-error learning with simulated feedback on the outcome (von Hippel and Katz 2002).
Research from Yoon and Simonson (2008), who find that the design of the configuration set
impacts the customers' preference confidence and stability, can be seen as a first step toward a
better understanding of how customization might work when customers have no clear

preferences. Once again, more research will be necessary.

Methodological Limitations and Avenues for Further Research

Our studies only involved simulated products, which might lead to a "hypothetical bias,"
particularly when subjects reveal their WTP by means of the contingent valuation method
(Wertenbroch and Skiera 2002). The relatively high sums subjects claimed to be willing to pay
for the products suggest that this effect also arose in our experiment. As a result, conclusions
regarding the absolute amounts of money which can be skimmed through customization should
be drawn with due caution. Additional research on this issue in a more realistic experimental
setting would be required. Fortunately, our study focuses on the relative level and not the
absolute level of WTP. Several other studies have shown that inflation factors are stable across
experimental groups (e.g., Franke and Piller 2004).

If we compare the WTP gains for customized newspapers in Studies 1 (14%) and 2
(35%), we find substantial differences, although both are based on a similar object (newspapers
consisting of 10 articles chosen from a set of 90 headlines) and the populations were similar.
The difference may be attributed to the presence of a demand artifact in Study 2 (Sawyer 1975).
This means that subjects might have in part reacted to their perception of the experiment's
purpose by making inflated statements of WTP. We do not know the extent of this effect;

however, the fact that we found identical patterns in Studies 1 and 2 with regard to newspapers,



both in the main effects and in the moderator variables, provides evidence that the demand
artifact does not explain the entire WTP gain observed in Study 2.

Does the inflation of WTP by the demand artifact in Study 2 affect the generalization that
customization is also beneficial in other markets? We do not believe this is the case. Assuming
that (1) there is hardly a demand effect in Study 1 (here, the objectives of the experiments were
unclear to subjects — the study was entitled "What are newspaper readers interested in?" — and at
least Sample 1 involved a 10-day time delta, see discussion of Study 1), and (2) the demand
artifact in Study 2 had a similar inflating effect on all samples (which is likely because the
samples were randomized and the setting was identical), we can "deflate” the WTP gain from
customization in the categories of fountain pens, kitchens, and cereals by the same factor as in
the newspaper category. Regardless of the concrete deflation algorithm (e.g., multiplicative or
subtractive), the findings should still indicate a positive "true" gain in the other product
categories.

We focused on the benefit component arising from increased preference fit. Although

(1]

preference fit is considered the most important positive component in the customers' "utility
balance," the process of self-designing one's own product might also carry value for customers
(Franke and Schreier 2008b). There may also be (positive) interaction effects between these
components, which would warrant studies measuring both effects simultaneously. Future
research also should integrate cost components (with varied methods of obtaining customized
products, such as self-design toolkits or recommender systems), as they might also interact with
the other components and yield more realistic insights into the net value of customization. All
these components and their interplay might vary with product categories and cultural factors,
which would explain why customization is common in some industries and non-existent in

others, or why the commercial use of configuration toolkits differs in various countries (e.g., car

configurators are more popular in Europe than in the US).



In addition, it is important to note that the values attributed by consumers are not the only
variables which determine whether or not customization is a viable business strategy in markets
characterized by heterogeneous customer preferences. Other factors include network
externalities of the products (which instead underscore the importance of standardization),
experience effects, economies of scale, production and distribution costs, organizational issues
such as the "not invented here" syndrome, and the costs of organizational coordination. Further
research from different perspectives appears necessary in order to enhance our understanding of

when customization constitutes a promising marketing strategy.
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FIGURE 1

DATA COLLECTION PROCESS (STUDY 1)
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[ Mass marketing newspaper
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| » / Best cluster (5 clusters, LCA)
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Between -group
analysis 1
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| »| / Best cluster (10 clusters, LCA)
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/ Preferences
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/ Product involvement
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Segmentation of
preference data
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Y / Customized newspaper
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} Mass marketing newspaper

/ Best cluster (5 clusters, LCA) | Within-group

Lp| / Best cluster (10 clusters, LCA) analysis 1
Customized newspaper

IDV=WTP/PI/ Att.

Assignment to best cluster via minimum
': squared Euclidean distance

Sample 2a
> / Mass marketing newspaper
/DV=WTP/PI/ Att.

Sample 2b
> / Best cluster (5 clusters)
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Between -group
an?lysis 2

o
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/ Best cluster (10 clusters)
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/ Preferences

/ Reference price*

/ Product involvement
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F______________________

Sample 2d
[/ Customized newspaper
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Sample 2e
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/ Best cluster (5 clusters) | Within-group

> [ Best cluster (10 clusters) analysis 2
Customized newspaper
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1

>
Time

* = Willingness to pay for a newspaper assembled by experts
Abbreviations: DV: dependent variables; WTP: willingness to pay; PI: purchase intention; Att.: attitude toward the product; LCA:
Latent Class Cluster Analysis
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